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Textual Content Generation with Recurrent Neural Networks 
Advances in the realm of machine learning and specifically recurrent neural networks (RNNs) such as Long 

Short Term Memory (LSTM) allow for the algorithmic generation of textual content. The goal of this master’s 

thesis is to implement a system based on RNNs to generate textual content that is (almost) indiscernible from 

content created by humans. To iteratively develop the system and to proof its applicability, the student is ex-

pected to run multiple experiments. First, the student will apply widely used statistical machine learning clas-

sification algorithms such as Logistic Regression, Support Vector Machines, Decision Tree, Random and Ext-

reme Gradient Boosting on a balanced sample of texts generated by humans and texts generated programmati-

cally by RNNs. The cross-validated classification performance is expected to be benchmarked against a sim-

ple Markov chain based pseudo random text generator. Second, the student is expected to run an experiment 

in which human evaluators will be asked to differentiate between texts generated by humans and texts gener-

ated by the RNN.  

 

Because of the technical nature of this Master’s thesis, previous (substantial) programming experience in a 

programming language (e.g. R, Go, Python) and a strong interest in statistical machine learning is a prerequi-

site. 
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